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Abstract

In this paper, the Unscented Kalman Filter (UKF) is presented in the application of the ftilt
angle estimator for MEMS accelerometer tilt sensing. The accelerometer tilt sensing model is
developed. And then, the unscented kalman filter with theoretical of a minimal complexity of the
mathematical model and their parameter were derived. To analyze performance, two simple
experiments have been done. Firstly, test on fixed tilt angle. Secondly, the testing platform varies
angle on the level plane and then kept constant angle. The results confirm that the proposed
method have good performance for estimating tilt angle.

Keywords: Unscented Kalman Filter, Tilt Sensing System, Accelerometer.
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2. Predicted measurement vector
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